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An Edge-detection A lgoritm Based on Spatial A ctivity M asking
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Abstract Based on the characteristics of human vision an edge-detection algoritm based on m asking the mage w ith the
formeasuring the spatial activity and a double-thresholds m echanisn are proposed The regular extent is represented using

spatial activity is presented Edge-detection algorithm s usually dealw ith the mage’ s original infom ation w ithout the char
acleristics of hum an eyes more powerful perceiving ability on regular mages than the other parts

the spatial activity and the m ask ing area of the spatial activity is bcated accurately by correcting gradient direction and de-
tion under canplex condition
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tem ning edge w idths The resulis show that this algorithm effectively detects edges of regular in ages and depress the edges
edge detection HVS spatial activity
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this algoritm ismore consistentw ith characteristics of human vision and beneficial to mfom ation extrac-
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Fig 1 The orignal mage and edge map detected by canny
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Fig 3 Correcting gradient direction and the direction
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Fig 5 Edgemap detected by associated reference and this paper
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Fig 6 Two original mages for canparison against
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Fig 7 The first exanple detected by Canny and this paper
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Fig 8 The second exanple detected by Canny and this paper
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